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Abstract

Purchases made on online platforms have heavily incorporated artificial intelligence (Al) to shape
consumer purchasing behavior. To investigate re-purchase intentions, this study combines Al, social
media engagement, conversion rate optimization, brand experience and brand preference. A survey was
conducted with a questionnaire sent to 355 people who had at least once purchased or used services
offered online from any site associated with aviation. The questionnaire was analyzed using structural
equation modeling. Utilizing Amos V.22, the study hypotheses were assessed. The empirical results show
that social media engagement, brand experience, brand preference and conversion rate optimization
were all impacted by Al. Conversion rate optimization and social media interaction also have an impact
on brand preference and experience. Re-purchase intention is influenced by brand preference and brand
experience. Additionally, the association between Al and re-purchase intention was mediated by social
media engagement, brand experience, conversion rate optimization and brand preference. The study
will support airline companies in developing Al and creating more effective branding and marketing
campaigns to increase customer intention to re-purchase. This study discovered that the use of Al in


https://bijournal.hse.ru/en/2024--3%20Vol%2018/966054131.html
https://orcid.org/0000-0002-6288-7503
https://orcid.org/0000-0002-0824-1437
https://orcid.org/0000-0001-6036-4189
https://orcid.org/0000-0002-6320-9878
https://orcid.org/0000-0002-6648-8091

marketing significantly improved brand preference, which subsequently affected consumers’ desire to

make additional purchases. Furthermore, to improve long-term commercial performance and brand
attractiveness, the airline should focus brand-building efforts on Al. Thus, the airline ought to make
greater investments in Al and booking service technology, both to draw in new business and to strengthen

existing ones.
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Introduction

very facet of our real lives — both individually and

collectively — has been impacted by technology,

including both the real and virtual worlds [1].
Among its most crucial concerns was the various
methods for increasing public awareness. According
to predictions made by [2], the economic impact of
artificial intelligence (AI) would increase from $20.82
billion in 2020 to $15 trillion in 2030.

One of the most significant technical advancements
is Al, whose applications have completely transformed
a wide range of societal fields [3, 4]. Al technologies are
described as “natural genetic predisposition genetic in-
heritance or learned skills that form the essence of in-
dividual personalities” [5]. Al technologies rely on pre-
defined computer programs, algorithms, and function
similarly to the human mind in making decisions [6, 7].

Businesses may improve the customer experience by
identifying innovation, developing strategies and identi-
fying long-term solutions through business automation
that leverages Al. Critical decisions can also be made
with Al in a corporate environment that is surprisingly
competitive and unstable [2].

According to [8], Al chatbot content recommenda-
tions are now a part of marketing Al activities. They also
help to boost customer engagement on social media plat-
forms, give online users a personalized experience and
increase the likelihood that suggested goods and services
will be purchased [2, 9]. For instance, Amazon is lead-
ing the way in utilizing Al technology and extending its
use beyond object recognition, language understanding
and conversation to include search and suggestion. This
increases the conversion rate toward product purchases

by personalizing and refining the recommendations of re-
lated and complementary products in real-time [10]. Al-
driven digital businesses are attempting to interact with
clients on social media in an effort to build, maintain and
nurture enduring client relationship [11]. As a result, it is
important to recognize the growing significance of online
shopping. By 2025, the worldwide e-commerce market
is expected to reach $1.2 trillion, growing at a rate three
times faster than traditional commerce [12]. Marketers
use customer engagement to get customers’ attention by
providing them with valuable knowledge [13]. Through
their customer experience, marketers want to keep their
goods or services at the front of consumers’ minds. So-
cial networking is one of the best platforms for connect-
ing with customers. Customers should be able to use so-
cial media to interact with businesses [ 14]. Clients that are
happy with the goods and services will write content for
social media platforms. Companies may alter their cur-
rent goods and services in response to negative customer
feedback on social media [15]. These days, it’s common-
place to see creative marketing. Marketers can expedite
intelligent marketing by utilizing AI [9]. In order to boost
the rate of conversion (from user to customer), businesses
can also track customer opinions on social media and uti-
lize that data to tailor marketing initiatives for each indi-
vidual customer [16].

Social media consumer conversion is a continuous
process rather than a one-time occurrence. The asso-
ciation between conversion rate and customer purchase
intentions is not well understood [9]. Businesses are
utilizing Al to forecast customer behavior as more and
more consumers make purchases online. With a major
influence on consumer decision-making, Al has been a
crucial part of the digital transformation. Al technolo-



gies can be leveraged to entice consumers to make excit-
ing new purchases [17].

Al technology has the potential to enhance user ex-
periences in interactive environments and foster faster
response times for products and services [18].

According to [19], intelligent service bots have be-
come increasingly prevalent in gauging customer expe-
riences with products and services in recent times. One
of the primary motivations for implementing Al is to en-
hance customer experience, as Al technologies are be-
coming a more significant aspect of our daily lives and
form the foundation for novel value propositions and
unique consumer experiences. Delivering improved
customer experiences is therefore essential for strength-
ening the bond between consumers and brands as well as
for promoting brand distinctiveness [20].

Thus, businesses employ hardware, software, networks
and Al for a range of objectives, including improving cus-
tomer experience and fostering continuous harmoniza-
tion and collaboration among stakeholders [21]. Based
on whether the Al offers the services that customers have
asked for, the consumer experience will differ. Accord-
ing to [22], customers felt more intellectual and sensory
experiences when Al offered the services, and vice versa,
when humans supplied the services, customers felt more
emotional experiences. Even though Al and human ser-
vices differ in how they are experienced, Al services are
crucial to giving clients an enjoyable journey [23].

If customers receive the proper experience from the
company, they feel content and joyful thanks to Al pro-
cedures [24]. A pleasant customer experience will cre-
ate positive value for the company in terms of brand
preference, helping companies achieve excellence and
competitive advantage [25]. Research on how Al affects
brands is scarce and dispersed, despite the significance
of Al for consumer-brand connections. While improve-
ments in technology may save customers time and effort
during transactions, errors and a lack of human support
can still generate dissatisfaction [20]. Therefore, it’s still
unknown how Al will affect branding.

Most marketers lack a strong knowledge of Al and
how it may assist both organizations and consumers, de-
spite expanding research in this field [26]. A road map for
effective Al initiatives is necessary, according to compre-
hensive Al frameworks and empirical research, particu-
larly in the area of digital marketing [27]. Furthermore,
the literature that has already been written has not looked
at Al in the setting of interactive marketing, where sellers
and buyers work together to impact marketing choices
that encourage active consumer participation, commu-

nication and interaction [18]. Accordingly, the real value
of Al is not in the technology per se, but rather in the
way it is applied to build robust, interactive buyer-seller
interactions that are based on generating value together
and keeping commitments [28]. There are few studies as-
sessing how Al and digital innovations affect social me-
dia customer involvement. More investigation into the
ways Al-powered marketing tools affect consumer views,
opinions, and actions is advised by [29].

1. Literature review
and hypothesis development

1.1. Artificial intelligence

Nowadays, online platforms are used for the majority
of the shopping process. When it comes to buying things
online, trust and client awareness are crucial factors.
Organizations are working to get the most out of the en-
hanced trust and intent that customers have toward spe-
cific products and services as a result of the experience
that Al has given them [30]. Studying client habits, pur-
chasing patterns, behaviors and choices are only a few of
the activities and functions where Al in marketing has
been demonstrated to be widely applied [7]. Personal-
izing advertising messaging [31] in addition to tailoring
items and other offerings to fit client demands and man-
aging and altering prices in real-time in response to cus-
tomer demand, rivals and supply chains [32].

Al provides virtual experiences to customers who are
sitting in the right places, helping them make a final pur-
chase decision. Because Al is a cutting-edge technol-
ogy that selects the best choice from a range of options
provided with a variety of facts through exchange and
combinations, it saves customers money [7]. Al-pow-
ered augmented reality applications let consumers view
things in new ways and facilitate enhanced decision-
making [33]. Businesses have integrated most Al-ena-
bled technology to offer clients the best and most cus-
tomized solutions [34].

Thanks to Al’s cutting-edge technologies, customers
can easily understand their purchase preferences. Previ-
ous research [30, 35, 36] indicates that Al aims to devel-
op software with human-like problem-solving capabilities
that enhances ability to make decisions about purchase
intention. Studies show that people who visit websites
with the integration of Al feel more confident when mak-
ing judgments about what to buy, which lowers the risk
[37].Al is a lightweight technology that helps consumers
make informed purchasing decisions. Because consumers
are more interested in Al’s promise and capabilities, they
are using it widely [30]. AI’s ability to manage the massive



amount of relevant, high-quality data that consumers may
access, and that is tied to their purchase activities, deter-
mines both its usefulness and efficacy [38, 39].

Because Al is an advanced technology, customers of-
ten discover the best virtual experience when they make
purchases from online retailers. Customers’ virtual expe-
rience is important whenever it concerns their purchasing
intentions, and studies have indicated that positive virtual
experiences affect consumers’ intentions to purchase [33].

1.2. Artificial intelligence
and social media engagement

Engaging customers and building customer loyalty is
critical for providers who value face-to-face communi-
cation with consumers. Few studies have examined cus-
tomer engagement from a technological perspective,
even though several social and technological factors
have been demonstrated to support customer engage-
ment [40]. Research [40, 41] suggests that Al can en-
hance moral consumer behavior. Businesses that use Al
may change the social media buying experience to give
shoppers a social media platform experience, as Al has
greatly changed consumer behavior [42].

By using Al to forecast consumer behavior and in-
teract with customers on social media platforms, these
businesses may increase the effectiveness of their online
marketing campaigns and use it to make more analyti-
cal judgments [2, 17]. For instance, Al closes the gap be-
tween companies and customers by gathering and eval-
uating data about goods and services [43]. This changes
the online buying experience. Al also offers solutions for
a range of problems pertaining to social networking. For
instance, evaluating the vast volume of data produced by
social media platforms may cause stress for sales staff [2].

To address these issues, businesses utilizing AI may
employ a range of Al-based methods for predictive
analysis in marketing [9]. The use of Al in social media
platforms is one of the outside variables that is believed
to motivate consumers to engage with these platforms
more. For instance, users can join any community of in-
terest on e-commerce platforms like Facebook, Taobao
and Etsy. From there, they can engage with other users,
follow other buyers and sellers who share their interests,
look up information about products and/or share their
own related buying experiences [12]. According to [27],
there is a connection across Al and dynamic marketing
when real-time technologies are utilized to build per-
sonalized, response-focused relationships between buy-
ers and sellers. If businesses provide several options for
evaluating the qualities of their products or services, in-

tegrating Al increases the likelihood that customers will
engage on social media platforms [44]. Thus, it can be
assumed that:

H1: Al has a positive effect on social media engage-
ment.

1.3. Artificial intelligence
and conversion rate optimization

Al has been used in purchasing procedures to give
customers more dependable, individualized services
[10]. Wang and Lei [18] claim that artificial intelligence
Al technology can manage interactions between con-
sumers and goods or services as well as quickly respond-
ing to client demands in interactive environments. As
part of Al marketing efforts, chatbots, content features
and buyer sales recognition are artificially becoming au-
tonomous [8].

Online social networking platforms give businesses the
ability to interact with a wide variety of customers and
customize their products to meet their needs [45]. To im-
prove digital marketers’ ability to use Al to raise visitor
conversion rates, it is crucial to study the buying habits
of customers on social networking sites [9]. Businesses
on social networking platforms also use Al to entice con-
sumers and win them over as devoted customers [2]. In
order to elevate the rate of conversion (from user to cus-
tomer), businesses can also track consumer behavior on
social media and use that data to craft customized pro-
motional campaigns for each individual customer [9, 16].
Al encompasses more than just conversation, language
comprehension and object identification; it also includes
consumer recommendation and research. This increases
the rate at which products are purchased by improving
the suggestion of related and complementary products in
a more customized and real-time manner [10].

The relationship between the client and the business
may be strengthened by Al-based social media initiatives
that increase consumer involvement, feedback, and con-
version [15]. Al could encourage people to buy goods and
services by improving their interaction with social media
adverts [2]. Because Al on social networking platforms
allows users to examine items or services through the plat-
form, it also encourages prospective consumers to buy a
certain product or service. Companies can utilize Al to
differentiate their goods or services from competitors’ of-
ferings and entice consumers to purchase them. The [46]
have reported that prior research has furnished empirical
proof of the affirmative correlation between social net-
working sites and consumer conversion rate. Thus, it can
be assumed that:



H2: Al has a positive effect on conversion rate opti-
mization.

1.4. Social media engagement
and brand experience

According to [47], there are two types of consumer en-
gagement: uncontrolled (word-of-mouth) and controlled
(corporate-sponsored). By sharing knowledge with oth-
ers, such as through sharing across online platforms, con-
sumers can contribute to the improvement of customer
experiences with brands [14]. Satisfactory brand buying
experiences can be facilitated by customer engagement
[48, 49]. According to research by [20], mobile applica-
tions for customer interaction have a favorable impact
on customer equity and increase the likelihood that cur-
rent consumers will make another purchase. A variety of
studies [50—52] have also investigated the connection be-
tween brand experiences and customer engagement, con-
cluding that there is a substantial impact from consumer
involvement. Based on the explanation provided by [51]
regarding how customer engagement functions as a me-
diator to enhance the brand experience and encourage re-
peat purchases, thus, it can be assumed that:

H3: Social media engagement has a positive effect on
brand experience.

1.5. Conversion rate optimization
and brand experience

Interaction with customers is important to every busi-
ness. The shopping experience for customers in a virtual
environment is mediated by technology. With the intro-
duction of augmented reality, mixed reality and virtual
reality technology, a new environment integrating virtual
and physical elements at various levels has emerged. The
customer experience environment is changing into new
kinds of hybrid experiences as a result of the growth of
mobile and wearable devices as well as highly dynamic
physical-virtual interactions [9, 53]. Since shoppers of
these businesses are more likely to express their favorable
experiences with the brand in question, marketers must
engage customers and offer a unique social media expe-
rience. This is because the most satisfied customers are
those who are more involved on social media [2, 11].

72% of businesses prioritize improving the custom-
er experience and appealing to customers throughout
the buying process is a marketing trend. Businesses are
concentrating on offering value-added ideas to create
the greatest possible customer experiences in the digi-
tal age [53].

The consumer experience is being drastically changed
by emerging technologies including the Internet of Things
(IoT), chatbots, bots, augmented reality (AR), virtual re-
ality (VR), mixed reality (MR) and virtual assistants,
which are usually powered by Al. Concerns about privacy
for clients who would rather buy goods and services on-
line and through social media are crucial when trying to
find a consistent way to incorporate the client experience.
Instead, marketers must comprehend how digital tech-
nologies affect the customer experiences [54].

The cognitive component ingrained in the customer’s
relation with the brand is satisfaction. Positive remarks
affect other users’ cognitive processes [55]. Key clients
may be drawn to interactive involvement and end up giv-
ing products or services favorable reviews [56]. Different
client categories will likely require different approaches to
customer interaction; after all, in the digital age, consum-
er engagement is essential [57]. For marketers to compre-
hend customer segmentation, they must create strong so-
cial media analytics. These analyses’ findings show how
marketers may use social media platforms to sway con-
sumers and raise conversion rates, which in turn have a
big impact on customer happiness. For businesses to in-
crease sales, it is essential to comprehend users’ attitudes
regarding digital media [58]. Thus, it can be assumed that:

H4: Conversion rate optimization has a positive effect
on brand experience.

1.6. Brand experience
and brand preference

According to [50, 59], brand experience is defined as
“the consumer’s subjective responses (sensations, feel-
ings and perceptions) and behavioral responses elicit-
ed by brand-related stimuli that are part of the brand’s
design, identity, packaging, communications and sur-
rounding environment.” Four categories can be used to
categorize brand experience: sensory, intellectual, emo-
tional and behavioral. The stimulation that a brand pro-
vides through the senses of sight, sound, smell, taste and
touch is known as the sensory brand experience [60]. The
emotions evoked by a brand are known as the emotion-
al brand experience. According to [61], behavioral brand
experience encompasses actual experiences, behaviors
and brand interactions, whereas intellectual brand ex-
periences refer to a company’s capacity to elicit thought
from consumers.

Perceptions of brand qualities by consumers influ-
ence their preferences, which in turn affect their in-
tent and brand selections. As a result, according to [62],
brand preference is a pattern of behavior that represents
customers’ views about the brand. Customers like a spe-



cific brand whenever they have positive thoughts regard-
ing it, and their perceptions of a brand’s features impact
their preferences, which in turn determine their inten-
tions and selection of brands [20].

Brand experience has an impact on brand loyalty and
affection, according to [59].

Positive brand experiences help customers form
strong bonds with brands and grow to love them [63].
Brand experience has an impact on brand preferences,
according to [20]. The notion of brand experience was
validated by [64], who found that brand experience is a
key indicator of brand preference. It has been noted that
brand preference and memorable brand experiences are
related. A memorable brand experience positively influ-
ences brand preference, which then positively impacts
usage intentions, word-of-mouth and readiness to pay
more, according to the findings of a study conducted by
[65]. Therefore, it can be assumed that:

H5: Brand experience has a positive effect on brand
preference.

1.7. Brand preference
and re-purchase intention

When comparing a company’s products to those of
other companies, consumers’ preferences toward certain
products determine their brand preference. In terms of
capturing customers’ hearts so they will re-purchase the
company’s brand, it can be said that this preference for a
brand is the first phase of branding [66].

Re-purchase intention is the consumer’s plan to carry
out the behavioral act of purchasing a brand again [67,
68]. It is the process by which clients choose to re-pur-
chase services or goods from the same company [69]. This
probably happens because customers can buy the same
thing again. Re-purchase intentions, according to [70],
refers to a customer’s willingness to make additional pur-
chases from the same merchant or supplier, whereas re-
purchases are, in theory, actual actions. According to Sul-
livan and Kim [71], reactionary intention to re-purchase
can be understood as a consumer’s wish to reevaluate the
brand in light of their present circumstances. The inten-
tion to re-purchase is of particular relevance to marketers
since it may result from the influence of prior purchases.
Re-purchase intention is likely to be lower if consumers’
perceptions of price, experience, brand and fulfillment
differ from what they paid and received [70].

Customers are more likely to repeat purchases when
they have a preferred brand. Only when consumers
feel positive about a brand will they choose to re-pur-
chase it and replicate their experience [23]. Addition-
ally, research indicates that customers’ decisions to buy

a product are influenced by their information process-
ing, which is reflected in their choice of a brand [70].
According to [62], re-purchase intention was positive-
ly impacted by brand preference. The [66] claim that a
product’s identity as a brand and preference are respon-
sible for its resurgence in popularity. Research from Ho
& Chow [20] has shown that brand preference affects
consumers’ likelihood to make more purchases. Ac-
cording to [64], brand preference and re-purchase in-
tentions were positively correlated statistically. The [65]
investigation confirmed that brand preference affects re-
purchase intentions. Thus, it can be assumed that:

He6: Brand preference has a positive effect on re-pur-
chase intentions.

1.8. Brand experience
and re-purchase intentions

Consumer brand experience precedes actual pur-
chase because favorable brand experiences have a posi-
tive and significant impact on consumer purchase inten-
tions, and prior experiences become memorable during
brand purchase [72, 73]. The positive feelings that con-
sumers have for a brand can impact their intention to
make a purchase if they are feeling good about it [74].
This suggests that consumers’ behavioral intentions may
grow as a result of their brand experience. According to
[62], a favorable brand experience can affect the pro-
pensity to re-purchase. According to [70], the re-pur-
chase intention is positively impacted by brand experi-
ence. Therefore, it can be assumed that:

H?7: Brand experience has a positive effect on re-pur-
chase intentions.

2. Methodology
2.1. Procedures and respondents

Data was gathered from Jordanian users of the inter-
net who have at least once made a purchase or used ser-
vices available online from any website relevant to avia-
tion. An additional eight weeks were added to the data
gathering period.

The data was gathered using convenience sampling,
which is a non-random sampling technique [75]. Based
on their actual usage of the web services for the websites
of the aviation companies, the study’s respondents were
selected. A non-probability sampling design was used in
this investigation, meaning that there are no odds associ-
ated with any member of the study population being se-
lected as a sample subject [76]. The questionnaire was
created in English, therefore with the assistance of two
multilingual specialists, we translated it first into Arabic



before translating it back into English. The individuals
who participated were informed that they might opt out
of the study at any moment and that participation in it
was entirely optional. Pens were used by the participants
to rate the questions. The participants’ answers to the
surveys were gathered directly. A survey was disregarded
and the next one was chosen if it was not completed cor-
rectly. Surveys filled out by participants who had no prior
e-commerce experience were disqualified. An amount of
800 questionnaires together with cover letters were given
out, and 387 respondents brought the completed forms
back. Thirty-two questionnaires were eliminated due
to incomplete information. In the end, 355 replies were
considered for study. 44.4% of respondents responded.

2.2. Measures

A five-point Likert scale, with 1 denoting “strongly
disagree” and 5 denoting “strongly agree,” was used to
rate each scale item.

Artificial Intelligence: [2, 45] produced a 6-item scale
that we used to gauge technological advancements in Al.
“Multiple types of data about customers, such as sales,
purchases, or demographic and behavioral data,” was
the sample item.

Social Media Engagement: An instrument consisting
of five items was created by [2, 14] to gauge consumer
participation on social media. “Using social network-
ing websites sparks my curiosity about brands” was the
sample item.

Conversion Rate Optimization: Utilizing a 4-item
scale created by [2, 46], conversion rate optimization
was examined. “I am influenced to buy products and
services by web-based promotions and messages on so-
cial networking sites” was the sample item.

Brand Experience: We used a 5-item measure that
was created by [20, 24]. The sample item was, “the ex-
perience of using AI”.

Brand Preference: A 5-item scale created by [20, 77]
was used to measure brand preference. The sample item
was, “preferred brand over any other brand.”

Re-purchase Intention: We used a 4-item measure
that was created by [2, 20]. To gauge technological ad-
vancements in Al. To gauge the re-purchase intentions
of the consumer. “I plan to keep using the site that I fre-
quently use for booking flights” was the sample item.

2.3. Reliability and validity

Factor analysis, average variance extracted (AVE) and
composite reliability (CR) are computed using AMOS.
One method for condensing a large range of variables

into a smaller number of factors is a confirmatory factor
analysis. Using this method, all variables’ highest com-
mon variance is extracted, and the results are combined
into a single score. Confirmatory factor analysis also
known as a CFA, was carried out to examine the mul-
tiple-item measures’ discriminant validity, convergent
validity and reliability. According to [78] recommenda-
tion, the analysis’s findings supported each measuring
scale’s convergent validity. The theoretical constructs
appear to have convergent validity, as indicated by the
statistically significant (p < 0.05) factor loadings of 0.60
to 0.90 for all indicators in their respective constructs,
as presented in 7able 1 [79]. Furthermore, every con-
struct’s average variance extracted (AVE) is greater than
the minimal value of 0.5 that is advised [80]. The aver-
age variance extracted (AVE) results were used to evalu-
ate the discriminant validity. According to the results of
Table 1, the square roots of AVE are greater than cor-
relations, which suggests that the discriminant validity
is satisfactory [80]. The [81] suggested using composite
reliability (CR) to assess the dependability of the meas-
ures. Table 1 shows the discriminant and convergent va-
lidity as well as the reliability across all reflection meas-
ures based on CR values that are over the 0.70 threshold.

Cronbach’s alpha is calculated using the average cor-
relations between the concept-measuring items. The in-
ternal consistency reliability increases with Cronbach’s
alpha’s proximity to 1 [76]. The Cronbach’s coefficient
is employed to assess the reliability of each concept. It is
a metric for assessing a multi-item scale’s internal con-
sistency. According to the SPSS results, all alpha co-
efficient values are higher than 0.7, indicating that the
measuring scales’ reliability is sufficient [82].

3. Results
3.1. Descriptive statistics

The mean, standard deviations, and correlation ma-
trix are the primary descriptive statistics that were uti-
lized to characterize the study constructs. The study
model constructs’ mean scores ranged from 3.46 to
3.80, as shown in Table 2. Furthermore, the correlations
showed that the research variables had a strong link and
ranged from 3.46 to 3.80.

3.2. Research model and hypotheses

The links between the constructs were estimated by
the application of structural equation modeling (SEM).
Amos V.22 was used to calculate SEM estimates. Re-
garding the proposed connections, the path that leads
from Al to Social Media Engagement has a coefficient
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Table 1.

Loading
Construct | ltems tactor tvalue | CR | AVE o
Al 0.719
Al2 0.868 15.523
Artificial Al3 0.892 15.833
; 0.881 | 0.557 | 0.898
Intelligence | pg | 0668 | 11.994
Al5 0.633 11.345
Al6 0.654 11.739
SME1 | 0.777
SME2 | 0.803 14.679
Social
Media SME3 | 0.716 13.066 | 0.850 | 0.532 | 0.858
Engagement
SME4 | 063 11.32
SME5 | 0.71 13.013
CRO1 0.813
Conversion CR0O2 0.82 16.009
Rate 0.856 | 0.598 | 0.855
Optimization | CRO3 | 0.724 13.986
CRO4 0.732 14171
BE1 0.603
BE2 0.735 10.932
Brand
Experience BE3 0.876 12.181 | 0.861 | 0.557 | 0.852
BE 4 0.822 11.766
BE5 0.663 10.159
BR1 0.814
BR2 0.726 14.915
Brand
Preference BR3 0.816 1739 | 0.897 | 0.635 | 0.897
BR4 0.792 14.723
BR5 0.833 17.783
RI1 0.773
Re-nurchase RI2 0.788 15.291
lnteﬂtion 0.827 | 0.546 | 0.930
RI3 0.698 13.308
R4 0.691 13.145

of 0.449 (p < 0.01) regarding the linkages. Therefore,
the positive correlation implies that H1 is validated.
Furthermore, the results confirm hypothesis H2 by
demonstrating that the relationship among Al and
Conversion Rate Optimization (8 = 0.305, p > 0.01)
follows the expected direction. Furthermore, the find-
ings demonstrate that Brand Experience is positively
and significantly impacted by Social Media Engage-
ment (5= 0.317, t = 5.519, p < 0.01) and positively and
significantly impacted by Conversion Rate Optimiza-
tion (8= 0.346, t=5.592, p < 0.01). As a result, theories
H3 and H4 are validated. Additionally, according to the
findings, Brand Experience significantly and favora-
bly influences Brand Preference (5 = 0.684, t = 9.419,
p <0.01). Re-purchase Intention is favorably correlat-
ed with both Brand Preference and Brand Experience,
supporting hypotheses H6 and H7.

3.3. Mediating test

5000 bootstrap samples were chosen, with a 95%
confidence level. According to the study model, there
are four ways that indirect impacts can manifest.

¢ HS8 Al — Social Media Engagement — Brand Experi-
ence — e-purchase Intention

¢ H9 Al — ocial Media Engagement — Brand Experi-
ence — Brand Preference — Re-purchase Intention

¢ HI0 Al — Conversion Rate Optimization — Brand
Experience — Re-purchase Intention

¢ HI1 Al — Conversion Rate Optimization — Brand Expe-
rience — Brand Preference — Re-purchase Intention

The product of the route coefficients between Al and
Re-purchase Intention was used to determine the indi-
rect effect of Al on Re-purchase Intentions. Significant
indirect effects of AI on Re-purchase Intentions were
discovered from the study model for the four paths. To
be more precise, there is an indirect effect by means
of Conversion Rate Optimization and Brand Experi-
ence (8 = 0.020, p < 0.01), Social Media Engagement
and Brand Experience (5 = 0.027, p < 0.01), and Social
Media Engagement, Brand Experience and Brand Pref-
erence (= 0.068, p < 0.01). Lastly, there is an indirect
effect through Conversion Rate Optimization, Brand
Experience and Brand Preference (3 = 0.050, p < 0.01).
Therefore, the influence of Al on Re-purchase In-
tentions was mediated by Social Media Engagement,
Brand Experience, Brand Preference and Conversion
Rate Optimization.

Bootstrap approaches were used to evaluate the indi-
rect effect of Al on Re-purchase Intention.



Table 2.
Means, standard deviations, and correlations for the study variables

Study variables Mean Std. dev 1 2 3 4 5 6
Artificial Intelligence 3.80 0.665 0.746
Social Media Engagement 3.53 0.7115 0.315* 0.729
Conversion Rate Optimization 3.46 0.833 0.225* 0.313 0.773
Brand Experience 3.83 0.687 0.282* 0.307* 0.366* 0.746
Brand Preference 3.56 0.709 0.282* 0.411* 0.433" 0.611* 0.796
Re-purchase Intention 3.65 0.657 0.335* 0.392* 0.333* 0.620* 0.754* 0.740

Notes: *p < 0.01; square root of AVE is on the diagonal

Social Media

Engagement
B=0.449 999

Atrtifical
Intelligence

Conversion Rate
Optimization

Brand
Preference

Brand
Experience

Re-purchase
Intention

Fig. 1. Structural model with parameter estimates [2, 9, 51].

4. Discussion

The [45] reported that the results showed how Al tech-
nology affects social media participation. This implies
that in order for businesses to remain competitive in the
present business environment, they have used social me-
dia campaigns to transform their offline operations into
online ones and generate website traffic that eventu-
ally converts into actual customers. Businesses that use
Al technology have a good correlation with social media
user engagement [83]. This result supports the hypoth-
esis that social media integration of Al could enable mar-
keters to interact with prospective clients to promote the
products and services they offer [84]. The study discov-
ered an effect on businesses’ adoption of Al to raise con-
version rates. This lends credence to the idea that social
networking sites might boost a business’s amount of sales.
Social media marketing powered by Al may increase con-
sumer feedback and engagement as well as the customer-

business relationship’s conversion rate. Al improves user
engagement with social media marketing, which encour-
ages users to buy goods or services. This outcome is in line
with the findings of [2, 85].

Customer conversion rates have been shown to af-
fect the brand experience. Businesses may better under-
stand client segmentation and increase conversion rates
on online platforms with the help of social media ana-
Iytics. Social media marketers can tailor their commer-
cial practices and professional activities by leveraging Al
technologies to learn customer attitudes. To provide a
positive experience and increase sales volume; this out-
come is in line with [2, 85].

According to [70], this study demonstrated the rela-
tionship between social media engagement and brand
experience, indicating that consumers who are more ac-
tive in social networks are more likely to interact with
the brand. Our results align with earlier studies that have
demonstrated positive consumer evaluations of goods
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Table 3.
Path analysis for the constructs of the study
Relation Coefficients t-value* Support/ nonsupport
Artificial Intelligence Social Media Engagement 0.449 7.108* Support
Artificial Intelligence Conversion Rate Optimization 0.305 4.998* Support
Path Social Media Engagement Brand Experience 0.317 5.159* Support
Conversion Rate Optimization Brand Experience 0.346 5.592* Support
Brand Experience Brand Preference 0.684 9.419* Support
Brand Experience Re-purchase Intention 0.204 3.405* Support
Brand Preference Re-purchase Intention 0.754 10.597* Support
Explained variance proportion R? of Conversion Rate Optimization 0.093
Explained variance proportion R? of Social Media Engagement 0.202
Explained variance proportion R? of Brand Experience 0.251
Explained variance proportion R? of Brand Preference 0.467
Explained variance proportion R? of Re-purchase Intention 0.82

Notes: *p < 0.01

and services on social networking platforms are given by
those who are happy with their purchases [2].

Consistent with earlier research [20, 62, 70], the re-
sults show that brand experience influences brand choice
and that a favorable brand experience can boost consum-
er-based brand preference. As a result, customers’ brand
preference may be increased by a favorable brand experi-
ence. Consumers mostly base their brand choice on their
experiences. Customers are more inclined to like a brand
when they have had numerous positive interactions with
it. According to an earlier study [62], consumers will ex-

hibit positive behavioral intentions when they perceive
a high degree of brand experience. This highlights the
significance of an unforgettable brand experience in the
context of consumer behavior.

As previously said in the literature, brand experience
aids in encapsulating a brand’s behavioral, emotional,
social, pragmatic, sensory, intellectual and lifestyle ele-
ments [70]. The consumer will develop preferences and
make judgments about what to buy through this interac-
tive experience [74, 86].

Table 4.
Indirect effects of SCC on NPP through KS and IC
95% Bootstrap Cl
Indirect effect B D
Lower limit Upper limit
Al — SME — BE — RI 0.027 0.011 0.069 0.003
Al — SME — BE — BR —RI 0.068 0.032 0.132 0.001
Al — CRO — BE — Rl 0.020 0.008 0.047 0.003
Al— CRO — BE —BR —RI 0.050 0.020 0.105 0.001

(Al) Artificial Intelligence; (SME) Social Media Engagement; (CRO) Conversion Rate Optimization; (BR) Brand Experience; (RI) Re-purchase Intention.



The findings indicate that the re-purchase intention
is significantly influenced by brand preference and brand
experience. Because consumer preferences and brand ex-
periences are sustainable ideas that represent unreasona-
ble elements related to the customer who engages with the
brand and goes over the limits of rational assumptions,
this means that if customers like the product and have a
stimulating interaction with it, they are more likely to in-
tend to re-purchase it. Customers will thus have a strong
desire to buy without using reason [70].

The findings showed that the impact of Al on the
intention to re-purchase is mediated by brand experi-
ence. The findings further indicate that the impact of
Al on intention to re-purchase was mediated by brand
preference. This is understandable given that Al offers
a novel consumer experience that increases brand pref-
erence, customer satisfaction and product re-purchas-
es [20].

The findings showed that the impact of Al on brand
experience and propensity to re-purchase is mediated by
social media engagement and conversion rate optimiza-
tion. The majority of the research on social networking
sites engagement has been on online brand communities
and social media [51]. This demonstrates how crucial
consumer engagement with Al technology is to brand
marketing. Using Al technology for marketing brands
necessitates higher social media engagement since it
makes it easier for brand marketers to convey their ex-
periences to consumers, which leads to the formation of
positive brand experiences and re-purchase intentions
[51]. Using Al, marketers can also raise visitor conver-
sion rates [9]. Organizations on social networking sites
also employ Al as a technique to entice consumers and
win them over as devoted customers [2].

5. Theoretical implications

According to this study, businesses may assess the rel-
ative value of each element of their products and services
and how it affects customer satisfaction on social me-
dia platforms by utilizing Al-enabled solutions. The ris-
ing use of social media platforms has resulted in a huge
increase in consumer interaction, suggesting that social
media sites are becoming a new marketplace for estab-
lishing relationships with customers to sell products and
services. According to [45], Al tracks and analyzes user
habits on social media platforms. Technology is playing
a bigger role in customer engagement. To improve con-
sumers’ re-purchase intention, Al and consumer behav-
ior should be taken into account while implementing a
customer engagement plan.

According to this study, Al can improve social me-
dia platforms’ capacity to attract new clients for Airline
companies. Acknowledge the importance of Al, which
efficiently manages data processing for specialized ser-
vices through automation. Studies on customer contact
on social media platforms and Al-powered automated
business responses are still in their early stages. Howev-
er, there is a gap in the way companies use real-time data
to offer personalized customer service when interacting
with clients [2].

Because Al can successfully generate brand pref-
erence and purchasing commitment, this study vali-
dates AI’s overall effectiveness. As a result, by offering
a thorough framework that clarifies the connections be-
tween Al and branding, our research adds to the body of
knowledge on marketing and branding. This study’s dis-
cussions will be beneficial to marketing academics who
wish to apply this approach to other domains.

The study validates the impact of Al marketing meth-
ods on brand experience and preference, as well as the
correlation among brand preference and re-purchase
intention. A few studies have been conducted on Al
preference for brands. By elucidating the function of
Al in customer interactions within the setting of airline
services, this study seeks to close this knowledge gap.
By showing the predictive power of Al marketing tech-
niques on brand preference, this work advances the field
of service research and offers researchers with an interest
in deploying Al to customer decision-making and be-
havior valuable information. Furthermore, the partial
mediation arrangement of brand experience between Al
marketing tactics and brand preference shows how these
strategies predict brand preference and re-purchase in-
tentions in airlines both directly and indirectly via brand
encounters [20].

6. Practical implications

There are various implications of this study for ac-
ademics and professionals. First, social media plat-
forms are gradually being used by customers in Jordan.
These days, the majority of consumers would rather
buy goods and services via the Internet and on social
networking platforms than leave the comfort of their
homes. Additionally, social media and online chan-
nels let companies boost sales. Companies may easily
keep an eye on what their clients are doing on social
media [10]. As a result, they implement efficient com-
munication strategies that aid in raising the conversion
rate. According to [2], organizations must deal directly
with their clients to ascertain their requirements and



expectations. Although it is essential to businesses,
customer involvement on social media is insufficient
to help them. Managers will benefit from the current
research’s understanding of the technological context
and its effects on behavior and society. Third, incor-
porating social media platforms facilitates the analy-
sis of client feedback and the conversion of those re-
sponses into actual sales [1]. Social media networks
with Al capabilities can assist executives in forecasting
customer behavior patterns within the aviation sector.
The suggested structure enables managers to influence
consumers on social media platforms, hence increas-
ing sales capacity. This report encourages managers to
increase social networking conversion rates by utilizing
the newest digital technology.

Fourth, companies may boost sales and develop
a computerized digital system that assesses and ana-
lyzes the social media user experience by integrating
Al into their social media marketing campaigns. So-
cial media sites are a useful tool for marketing goods
and services internationally. The study’s findings also
demonstrate that after returning customers get used
to online buying, they alter their decision-making
processes [2]. Therefore, by providing vouchers for
savings and promotions and cultivating customer
re-purchase behaviors, airlines may entice frequent
travelers.

Fifth, this study discovered that the use of Al in
marketing significantly improved brand preference,
which subsequently turn affected consumers’ desire to
make additional purchases. According to these find-
ings, Al marketing initiatives should be seen as a vital
instrument for enhancing the brand image in addition
to being a means of improving the consumer experi-
ence [20]. To improve long-term commercial perfor-
mance and brand attractiveness, the airline should
focus brand-building efforts on Al. Thus, the airline
ought to make greater investments in Al and booking
service technology, both to draw in new business and to
strengthen existing ones.

An airline that is reluctant to use Al may need to
reevaluate its investment strategies because the first-
mover advantage is still quite significant. Since this
study shows how consumers appreciate Al activities af-
ter realizing their values, verification of Al campaigns
is a crucial sign of the return on investment. Therefore,
managers must make sure Al can provide accurate, de-
pendable and efficient airline-related services. Manag-
ers can use Al to send clients tailored marketing com-
munications about services and goods at the right time.

In order to meet customer requests, Al assistants and
agents should be designed with the capacity to provide
knowledgeable customer support and guidance. Air-
lines’ practitioners can also consider improving the Al
interface.

7. Limitations
and future research

This study has several limitations.

First, the 355 valid samples were obtained by online
questionnaires from individuals who had made trav-
el reservations through websites, suggesting that our
knowledge of Al brand interactions may be restricted.

Secondly, a cross-sectional approach was em-
ployed to gather data from the participants. A longi-
tudinal study might be pertinent to evaluate the sug-
gested model to investigate consumers’ intention to
re-purchase because habits are amassed over time. To
increase validity, future research might employ a big-
ger sample size.

Third, the study’s focus is on the airline business.
The results could apply to other businesses or philos-
ophies, even if they are probably most helpful in the
context of airlines. This study could be repeated in the
future and expanded to include different sectors or na-
tions. This study is quantitative in style; future research
may use mixed or qualitative methodologies.

Lastly, producing a response rate that is higher than
44.4%.

To generalize these findings, researchers can also
analyze consumer behavior across national borders
and industry sectors through cross-cultural studies.

Conclusion

The study explores the mediating role of social me-
dia engagement, conversion rate optimization, brand
experience and brand preference in the relationship
between Al and re-purchase intentions. It also empiri-
cally evaluates a model for the implementation of Al in
re-purchase intentions and its role in improving con-
version rate optimization. The study discovered that
through social media interaction, brand experience,
brand preference and conversion rate optimization,
Al significantly influences re-purchase intentions in-
directly. In a similar vein, it has been discovered that
social media interaction and conversion rate optimiza-
tion significantly affect brand experience. Additionally,
the re-purchase intention is significantly impacted by
brand experience. m
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YHuBepcuTeT NpuKIagHbIX HayK Aib-banka, Oc-Cant, Mopnanus

AHHOTALMA

INokynku, coBeplllacMble Ha OHJIAMH-TUIaTOpMaxX, B 3HAYUTEJILHOM CTEIIEHU OCHOBAaHbI Ha MCKYC-
crBeHHOM mHTesutekTe (M), KoTophiit hopMupyeT MOKyHaTelIbcKOe ITOBeAecHNe MoTpedbuTeneii. s
U3y4eHUsT HaMePEHUI TTOBTOPHBIX ITOKYIIOK B JaHHOM MCCJIeIOBAaHUM MCIIOJB30BaHbI JaHHBIe 00 U,
BOBJICYEHHOCTU B COLIMAJIbHBIE CETH, ONTUMMU3ALUMU KOd(hdULIMEeHTa KOHBEPCUHM, OMBITE UCIIOJbh30Ba-
HUS OpeHIa U TIpeIIouTeHnsIX OpeHaa. BeIm mpoBeneH onpoc ¢ MMOMOIIBIO aHKETHI, pa30ciaHHO#i 355
pecroHIeHTaM, KOTOPBIE XOTs OBl pa3 MOKYITATN WU TTOIb30BAIMCh YCIYTaMU, TTpealaracMbIMKA OHJIAH
Ha J1I000M caiiTe, CBSI3aHHOM C aBUauMeid. ['mmore3bl UcciaenoBaHus ObLIM MPOaHAIM3UPOBAHBI C UC-
mojb3oBaHueM Amos V.22. DMIMpHUIecKre pe3yabTaThl MOKa3bIBaoT, uTo MM TOBIMST HA BOBJICUYCH-
HOCTh B COLIMAJIBHBIE CETH, BOCIIPHUSATHE OpeHIa, MPEAITOYTeHNUS K OpeHIY ¥ ONTUMA3ALMI0 KO3GhOUIIN-
eHTa KoHBepcuu. OnTuMusanys KoadduimeHTa KOHBepCUU U B3aUMOIEHCTBIE C COLIMAIbHBIMU CETSIMU
TaKKe BIMSIOT Ha MPEOITOYTEHUS M OITBIT MCIIOJB30BaHM OpeHaa, KOTOphIe, B CBOIO O4epelb, BIUSIOT
Ha HaMepeHHEe COBEPLUUTH IMOBTOPHYIO MOKYIKY. KpoMe Toro, cBsizb MeXIy UCKYCCTBEHHBIM MHTEJIIEK-
TOM M HaMepeHMEM TMOBTOPHOI MOKYITKM 00YCIOBJIECHA BOBJICYEHHOCTBIO B COLIMAIbLHBIE CETU, OIBITOM
paboThl ¢ OpeHa0M, onTUMHU3alet KoahduliMeHTa KOHBEPCUH U TIpearnodyTeHusiMu OpeHaa. Pesynbra-
Thl UCCJIEAOBAHUSI MOTYT MTOMOYb aBUaKOMMaHUsIM B pa3pabotke MU u cozmanum 6osee apheKTUBHBIX
KaMITaHWI 110 OPEeHIUHTY U MApKETUHTY, YTOOBI MIOBLICUTD XXeJIaHWe KJIMEHTOB COBEPIIATh ITOBTOPHBIE
MOKynKu. McciienoBaHne TakKe IMOKa3ajo, YTO MCIojb3oBanne M B MapKeTHHTe 3HAYUTEILHO YITyd-
LIWJIO TIPEANOUTEHUSI OpeHaa, UTO BIIOCJIEACTBUHU TTOBIUSIIO HA XelaHue MoTpeduTeseil coBepluaTh 10-
MOJIHUTENIbHBIE TOKYNKU. Kpome Toro, Ijisg yaydiieHUs JOJTOCPOYHBIX KOMMEpPUECKMX IoKa3aTeseid
W MIPUBJICKATEIBHOCTU OpeH/Ia aBUaKOMIIAaHWSIM PEKOMEHIIYETCS COCPEIOTOUYNTh YCWIIUS TI0 CO3IaHUIO
openna Ha MU u, Takum o6pa3zoM, yBeanuuTh UHBecTULIUU B UM 1 TexHOoI0rMu OpoHUpOBaHUSI, KaK I
MPUBJIEUEHUST HOBBIX KIIMEHTOB, TaK U JUIST yAepKaHUS CYLIEeCTBYIOIINX.
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